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Abstract

Traditionally, there have been several
representative  artificial  intelligence technologies
(Rule-based system, Finite state machine and so on)
for games. Recently, the games, especially video
games, have placed a lot of new challenges to be
tackled by machine learning techniques. For
example, they requires automatic contents creation,
data mining on game logs, and player modeling. In
this paper, we introduce the use of interactive
evolutionary computation, active learning and data

mining to the problems of games.
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