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Abstract 1t is difficult to find an appropriate web site because exponentially growing web
contains millions of web documents. Personalization of web search can be realized by recommending
proper web sites using user profile but more efficient method is needed for estimating preference
because user’'s evaluation on web contents presents many aspects of his characteristics. As user
profile has a property of non-linearity, estimation by classifier is needed and combination of classifiers
is necessary to anticipate diverse properties. Structure adaptive self-organizing map (SASOM) that is
suitable for pattern classification and visualization is an enhanced model of SOM and might be useful
for web mining. Fuzzy integral is a combination method using classifiers’ relevance that is defined
subjectively. In this paper, estimation of user profile is conducted by using ensemble of SASOM's
learned independently based on fuzzy integral and evaluated by Syskill & Webert UCI benchmark data.
Experimental results show that the proposed method performs better than previous naive Bayes
classifier as well as voting of SASOM’'s.

Key words : User profile, Web Mining, SASOM, Fuzzy Integral, Syskill & Webert
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<A NAME="EL_SOB"></A>

<TITLE>EL SOBK/TITLE>

<CENTER>

<H1>

EL SOB

</H1>

<A HREF="/IUMA-2.0/ftp/volume2/EL_SOB/EL_SOB.jpg">
<IMG WIDTH=101 HEIGHT=124 BORDER=2 SRC="/IUMA-2.0/ftp/volume2/EL_SOB/sm-EL_SOB.gif"></A>
<P><BR></P>

</CENTER>

<CENTER>

<I><FONT SIZE=5>Skin a Cat</FONT></I><BR>

Excerpt of HTML text (File name "1")

1lcold|http://www.iuma.com/IUMA-2.0/ftp/volume2/EL_SOB/| Fri Oct 13 15:21:56 PDT 1995|EL SOB
2|hot|http://www.iuma.com/IUMA-2.0/ftp/volume3/Lead_Pipe_Cinch/|Tue Oct 17 09:01:56 PDT 1995|Lead Pipe Cinch
3lhot|http://www.iuma.com/IUMA-2.0/ftp/volume2/Porter,_JL/| Tue Oct 17 09:05:01 PDT 1995|Porter, JL
4|cold|http://www.iuma.com/IUMA-2.0/ftp/volume3/Dr._Octojoculus/| Tue Oct 17 09:11:23 PDT 1995|Dr. Octojoculus
5|cold|http://www.iuma.com/IUMA-2.0/ftp/volume7/Adam_Bomb/|Tue Oct 17 09:12:24 PDT 1995|Adam Bomb

6| cold|http://www.iuma.com/IUMA-2.0/ftp/volume1/Russlee/|Tue Oct 17 09:15:45 PDT 1995|Russlee
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