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Abstract The study of classifying gamer types or analyzing the characteristics of gamers is a field
of interest for data analysis researchers. From the past to the present, much research has been done
on gamer categorization and gamer analysis. However, most studies use surveys or bio-signals, which
is not practical because it is difficult to obtain large amounts of data. Even if the game log is used,
it is difficult to analyze the psychology of the gamer because the gamer is categorized and analyzed
by extracting only statistical values. However, if we can extract the cognitive psychology information
of the gamer from the basic game log, we can analyze the gamer more intuitively and easily. In this
paper, we extracted eight cognitive psychological features representing the behavior and psychological
information of the gamer using Crazy Dragon’s game log, which is a mobile Role-Playing-Game (RPG).
In addition, we classified gamers based upon cognitive psychological features and analyzed them using eight
cognitive psychological features. As a result, most gamers were highly correlated with one or two types.

Keywords: log data, cognitive psychological features, categorization, archetype analysis
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Table 1 Extract gamer’s cognitive psychological features
factor feature explain method
unique number ID gamer’s unique number -
engagement APM | the number of actions per minute total action count / total gameplay time(minute)
MPD | daily average play time (minute) total play time(minute) / total game play day
activity . total gameplay day / (last gameplay day - first
LR log-in rate
gameplay day)
MCPD daily a‘,]erage completing sub-mission total complete sub-mission count / total gameplay day
(Conscientiousness)
1 single pl I figh PK, guil
. INT single game ratio (Extraversion) tota S{ng e play count / total fight count (PK, guild
personality war, single, etc..)
I multi-play ¢ 1 figh PK, guil
COM | competitive game ratio (Extraversion) tota n?u ti-play count / total fight count (PK, guild
war, single, etc..)
AF main character investment ratio (Openness) | total main character log / total character log
payment PAY the number of purchases total purchase in—app payment count
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Table 2 Three class and six class of gamers distribution

33K FEY 2A Y 71 AoH %

Table 3 Gamer distribution based on three types of payments

class| item | typel | type2 | type3 | type4 |type 5| typeb

5 person| 11 [192,054| 296 - - -
“ | ratio | 001 | 998 | 015 | - - -
6 person 3 115 7 124 |121,287| 70,825

ratio | 0.00 | 0.06 | 0.00 | 0.06 | 63.05 | 36.83
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Fig. 4 Graph of the association of gamers with three types
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Table 4 Cognitive psychological features of the three types
type |[APM|MPD| LR |[MCPD|INT [COM| AF |PAY
1 2.00 | 14% [ 100% | 71.6 |90% | 96% | 44% | 218
2 | 1.83] 0% | 90% | 032 | 0% | 0% | 25% | 0.00
3 426 | 17% | 100% | 193 |66% | 81% | 53% | 7.73
B | 197 | 1% | 89% | 105 | 4% | 4% | 36% | 0.19

¥ 5 37H_ﬁ_ _,] o];q/\lg] H/\%
Table 5 Cognitive psychological analysis of the three types

type Cognitive psychological analysis

This type is very competitive and invests a lot of

1
money to get ahead of others.

2 | This type does not have much interest in games

This type mainly fosters the main character and
plays the game intensively. Also, they will try to
go ahead of others by using as much effort as
possible while using less money.
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Table 6 Gamer distribution based on six types of payments

type ‘Whale Dolphin Minnow No charge
1 3 1% | - - - - - -
2 - - 2 | 0% 70 1% 43 0%
3 7 2% | - - - - - -
4 33 | 10% | 67 | 5% 24 0% - -
5 156 | 48% | 697 | 50% | 2925 | 39% | 117509 | 64%
6 129 | 39% | 629 | 45% | 4554 | 60% | 65513 | 36%
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Fig. 5 Graph of the association of gamers with six types
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Table 7 Cognitive psychological features of the six types

type | APM | MPD | LR | MCPD |INT | COM | AF | PAY

1 | 433 | 6% | 95% | 639 |88% | 107% |71% | 202

449 | 15% [109% | 174 |51% | 82% |53% | 6.3

2.20 | 15% [110% | 784 |99% | 105% |48% | 239

2.59 | 21% [110% | 242 |86% | 104% |60% | 9.9

037 | 0% | 61% | 0.00 | 0% | 0% | 0% | 0.0

||| W]

3.74 | 0% [109% | 091 | 0% | 0% |43% | 0.0

AV | 197 | 1% | 89% | 105 | 4% | 4% |36% | 0.2
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Table 8 Cognitive psychological analysis of the six types

type Cognitive psychological analysis

This type does not play games frequently, but when
1 |they play games, they concentrate. Also, they are very
competitive and invest a lot of money in games.

This type does not access the game often, but plays the

2 L . .

game enthusiastically and enjoys a variety of contents.
3 This type is very competitive and invests a lot of money

to get ahead of others.

This type does not play the game enthusiastically, but
4 often access to the game. Also, they will try to go ahead

of others by using as much effort as possible while
using less money.

5 | This type does not have much interest in games

This type played the game, but they do not feel
interesting in the game.
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