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Abstract

There are some difficulties to construct a sensory—motor controller for an autonomous mobile robot such as
coordinating the mechanics and control system parts of the robot, and managing interaction with external
environments. In previous research, we evolve the CAM-Brain, neural networks based on cellular automata, to control
an autonomous mobile robot. In this paper, we propose the method of combining multi-modules evolved to do simple
behavior in order to making more sophisticated behaviors because the controller composed of one neural network
module is difficult to make complex behaviors. In experimental results, we can get the controller adapting to more
complex environments by combining CAM-Brain modules evolved to do simple behavior by rule-based approach.
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